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Abstract

The objectives of this research were: (1) to study the dropout situation of students at Kamphaeng
Phet Rajabhat University, (2) to develop a predictive model for factors influencing student dropout using
data mining techniques, and (3) to evaluate the model’s performance. The study utilized undergraduate
student records from the university’s registration database, focusing on cohorts 59, 60, 61, 62, and 63,
comprising 18 attributes and 2,418 data entries.

The findings revealed that: (1) the dropout rates for each cohort were 23.59% for cohort 59, 26.52%
for cohort 60, 25.33% for cohort 61, and 25.35% for cohort 62. (2) The dataset was split into training and testing
sets in a 70:30 ratio, using 10 key factors to build predictive models through Classification techniques,
comparing three methods: Decision Tree, Naive Bayes, and K-Nearest Neighbors (KNN). (3) Model
performance was evaluated using 10-Fold Cross-Validation and measured by Accuracy. The results showed
that KNN achieved an Accuracy of 92.19%, Decision Tree 91.47%, and Naive Bayes 90.16% on the training
data. When tested with the testing set, Naive Bayes yielded an Accuracy of 94.20%, KNN 93.52%, and
Decision Tree 92.84%.

The top five factors contributing to student dropout were: average grades in core/major/required
education courses, average grades in language and communication courses, average grades in social science
courses, average grades in humanities courses, and the field of study. It can be observed that most of the
factors are related to the students’ grade point average (GPA) in different subject groups and their chosen
field of study. Therefore, academic advisors and curriculum lecturers should monitor and evaluate students'
learning progress during courses to estimate academic performance, enabling the implementation of
targeted support activities to help students achieve the required academic standards, thereby reducing the

dropout rate.

Keywords : student dropout, data mining, decision tree, K-Nearest Neighbors, Naive Bays
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